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A Method Used to Analyse the Effectiveness of
Target Features in Noisy Background
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Abstract According to the distributions of target features and noise, this paper
presents the formula of the minimum error probability ( Bayes error probability) in some
conditions. T his formula relates directly the minimum error probability to the distribu—
tions of features and noise and can be used to analyse the effectiveness of target features
in noisy background. As an example, the effectiveness of IR. radiation features of target
and decoy is analysed in the paper.
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