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An Expert Rule Deduction System Based on Neural Networks

Zhang Bing
( Department of Electronical Engineering, Shenzhen University, Shenzhen, 518060)

Abstract In this paper, we present a method of training a feedforward neural network using su-
pervised learning scheme to balance an inverted pendulum and cart system. The data used to train the
neural network was obtained from a human expert doing the same task.- The trained neural network
uncovers a set of rules which could be very difficult to derive from the human expert. Comparison was
made between the neural-network learned rule and a decision tree rule deducted by Quilan's 1D3 induc-
tion algorithm using the same set of data. Experiment results showed that the neural network learned

rule is more robust. At the same time, we find that the neural network learned rule can be modified to

do a similar and more important task the attitude control of a rocket.
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