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A New Scheduling Method for Satellitess Randomized
Data Transmission
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(Collgge of Flectronics Science and Engineering, National Univ. of Defense Technology, Changsha 410073, China)

Abstract: Our woik focuses on permutation scheduling and permutation searching methods for the scheduling problem of satellies
randomized data transmission. A time window preempted pemutation scheduling algorihm is pu forward, which can ensure searching for
optinal scheduling. A genetic stochastic search method & designed to carry out the search procedure for optimal pemutations, using a
stochastic neighbothood search agorihm with memory. Computational results show that our method can enhance the local search ability
for genetic search, and makes an average improvement of about 2. 72% .
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Tab.1 Experimental results
Insat Neighborhood Swap Neighborhood
GA GSSA

NS SNS MSNS NS SNS MSNS o

%o
% %
X r x r xr X r x r xr XX oy X7

500X20X2  448.0 22 4930 51 492.6 49 99% 4659 21 4932 48 493.5 48 5.92 4883 496 224 4943 499 50.4 123
500X20X5 403.7 20 4568 48 457.2 48 13.25 4217 2.0 457.6 4.7457.747 854 4477 461 2.1 4583 463 49.4 237
S00X50X2  925.3 48 10263 7.4 1259 7.4 10.87 9489 48 1027.8 7210281 7.2 835 9990 1038 492 10323 1044 74.9 333

S00X50X5 994.9 46 109729 7.3 10982 7.3 10.38 1021.3 46 1098.8 7110990 7.1
500X100X2 1497.9 86 16189 11.11618 211.1 803 1519.7 86 1617.7 10.81617.8 10 8
500X100X5 15552 85 16561 11.11656411.1 651 1580.5 85 1657.9 10.91659 1109
1000X20X2 453.9 36 5032 11.450M.411.411.13 4705 36 5054 11.2 505.0 11.2

1000X50X2  996.1 94 1107.9 16.91109 116.9 11.34 1012.4 94 1112.0 16.61110 1165
1000X50X5 11096 96 12109 17.21210917.2 913 1127.4 96 1216.2 16.912163169
1000X100X2 17407 193 19289 26.41932 426.4 11.01 1768.9 19.3 1936.2 25.91937.5259
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