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Energy efficient Data Dissemination Algorithms for
ANY- type Queries in Large-scale WSN

TAO Zi-jin, LI St-dan, XU Jin-yi, GONG Zheng-hu
(College of Computer, National Univ. of Defense Technology, Changsha 410073, China)

Abstract: Striking a better balance between the push and pull of the event data is the key factor to the energy saving for the data
dissemination algorithms in wireless sensor networks( WSNs). Two typica structured and unstructured data dissemination algorithms
( DCS and CN) are analyzed fist. By incorporating the push-pull straiegies of the two algorithms, two new algorithms(SDC1 and SDC2)
are poposed for the AN Y-type queries i the different application situation in WSNs. They have resolved the problems of the high load of
the hotspot, the large number of the event data replicas and the low energy efficiency of queries on the premise that it may ensure the
balance between the push and pull. Results from the analysis indicate that they are much more appropriate for the WSNs which are large-
scale and have large volume of data to be dealt wih, and they are two energy efficient data dissemination algorithms.
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Fig.5 (a) The performance of the three algorithms at different query probabilities ( £ = 20) and (b) the performance of the
three algorithms at different number of events ( Q= 0. 4) (For DCS has arelatively large energy cost value, the

¥ axs is shown in logscale in (b))
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Tab. 1 Other important metrics of the four algorthms
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