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An Approach for Electromagnetic Detection Satellites Scheduling
Based on Genetic Algorithm with Dynamic Punish Function

CHEN Hao, LI Jun, TANG Yu, JING Ning
( College of Electronic Science and Engineering, National Uriv. of Deferse Techmlogy, Changsha 410073, China)

Abstract: Considering the specific constrains of electiomagnetic detection satellite (EDS), a mult-satellites scheduling model is
established and a scheduling algorithm based on genetic algorihm is proposed. To deal with some specific constraints, a punish function
method is introduced. In orer to conquer the difficulty of punish coefficient setting, a mechanisn of punish coefficient selfadaptive
adjustment is designed. Finally, some experiments are conducted to verify the correciness and practicability of our scheduling algorithms.
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