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New Progress on Community Detection in Complex Networks

LUO Zhi-gang , DING Fan , JIANG Xiao-zhou , SHI Jin-long
(College of Computer, National Univ. of Defence Technology, Changsha 410073, China)

Abstract: Community structure is one of the common topological characteristics of complex networks. Community detection has

become a fundamental problem in the research field of complex networks. The new progress of current algorithms for community detection

was reviewed. The characteristics of these algorithms were discussesed. Finally, future direction of this active area was proposed.
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