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Modeling news event evolution

ZHANG Hui, LI Guohui, SUN Boliang, JIA Li
(College of Information System and Management, National University of Defense Technology, Changsha 410073, China)
Abstract: A new method is proposed for modeling the news event evolution to precisely present the relationships between events. This method
utilized the events timestamp, events content similarity, and events dependence between features to build a new event evolution model, and defined
five different event evolution patterns to identify the seminal events, the intermediary and ending events. Ultimately, an event evolution graph model

was constructed to present the underlying events relationship. Experiments were conducted, confirming that the proposed method is efficient for

detecting event evolution, and improves performance of system.
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Fig. 1 Sample of event evolution graph
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Tab.1 Component events in “3.11 Earthquake”
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Fig.2 Event evolution graph of topic“2011 Japan Earthquake”
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Fig.3 Comparison of different event evolution scoring functions
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