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Chinese named entity recognition

combined active learning with self-training

ZHONG Zhinong, LIU Fangchi, WU Ye, WU Jiangjiang

(College of Electronic Science and Engineering, National University of Defense Technology, Changsha 410073, China)

Abstract: Named Entity Recognition (NER) is a basic task in information extraction, and it is an important research direction in this domain

to use the abundant unlabeled corpus to improve the performance of NER system. An approach combining self-training with active learning based on

CRF (SACRF) is proposed. It selected samples by setting the threshold of confidence and 2-Gram frequency, and expanded the training set by

annotating the unlabeled corpus manually and automatically. The experiments revealed that this approach can not only improve the precision and

recall of NER system, but also reduce the manually annotation efforts greatly.
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Fig.2  F-measure of different methods
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Tab.3 Data of Experiment 2
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Fig.3 F-measure and annotation number of different
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Tab.4 Data of experiment 3

P R F e priEEs

© PER LOC ORG  PER LOC ORG  PER LOC ORG " A
0.3 91.76 86.93 85.38 33.28 41.10 47.31 48.85 55.81 60.89 55.91 180
0.4 93.41 87.59 85.46 42.39 50.83 61.82 58.31 64.33 71.75 65.45 485
0.5 88.23 87.45 84.72 46.87 55.07 57.72 61.22 67.58 68.66 67.04 857
0.6 92.11 88.84 85.27 50.81 59.91 63.93 65.49 71.56 73.07 70.65 1269
0.7 91.88 88.61 89.03 56.92 61.47 64.03 70.30 72.58 74.49 72.65 1587




4

PhiA, &5 Ehee ) 5 A SR i P U 4 SR - 87

ZH & W] AP 5 AR TE R A R, & B2
i & >1/7, 0 CRF PR AR 7 MER(E
FERRI—4 0 WK & =1, A0 TR JE A o i
A AT oE bRl SR N g R JTA Y
MUL_EZE a] LA i BEH & BT R, AR
TR A REA SR LR PRI /Y, M0 F (B A2 AL
AL IR MK 5 e K T 24, 3 BRI S 1 . AR
STE TR, N e I T B, O SIS T
T3% T o A H AT DR Fis b BRI 4L
PERUBER G5 I8 & WK/, UNAR AT R ZORNE B4

1o EARPRE BRI, T AJEFE 0. 6 5 0. 7
SFRORMME, (H P A E 1 0. 7, HOg 4k 80 R
A, F ST S ] 2 2 AE W AR 7o Ry
JEAERIRIRLEOR , % 16 e % 1 N AR, It
I BRI /NI & fHL

LI Y

SEPULNS LSRR S AL fo X Tl g g
IS, 2B, & =0.5, w=1, 9 REMB N
5000 J, SLHREE RN S R o

RS ZHRMNHIE

Tab.5 Data of experiment 4
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Tab.6  Contribution of different frequency interzone
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