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Reducing wrong labels in distant supervision for relation extraction

RU Chengsen, TANG Jintao, XIE Songxian, LI Shasha, WANG Ting
(College of Computer, National University of Defense Technology, Changsha 410073, China)

Abstract; Distant supervision has been widely used for relation extraction recently. In the distant supervision, many labels may to wrongly
marked, which exerts a bad impact on relation extraction. A method to reduce wrong labels was introduced by using the semantic Jaccard to measure
semantic similarity between the relation phrases and the dependency terms. The training data after reducing wrong labels was used to train the
relation extractors. The experimental results show that the proposed method can effectively reduce wrong labels and improve the relation extraction
performance compared with the state-of-art methods.
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Tab.1 Introduction of the relation types

KRS KA SRS
was_born_in 218 757
died_in 54 174
is_affiliated_to 497 263
created 278 455
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Tab.2 Details of the original positive examples
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was_born_in 37017 81.7
died_in 22 405 95.6
is_affiliated_to 29 817 50.2
created 25 633 68.8
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Tab.3 Introduction of methods
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Tab.4 Performance of methods
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