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Review on motion planning methods for unmanned aerial vehicle

cooperative maneuvering flight in cluttered environment

NIU Yifeng, LIU Tianging, LI Jie, JIA Shengde
(College of Intelligence Science and Technology, National University of Defense Technology, Changsha 410073, China)

Abstract; The basic principle, representative methods, and state-of-the-art research of the sub-module related research within the general

framework of cooperative maneuvering flight planning from single UAV (unmanned aerial vehicle) maneuvering flight to multi-UAV cooperative

planning were introduced. It mainly included real-time navigation map construction, discrete-space path planning, continuous-space trajectory

planning, hybrid planning based on discrete-space and continuous-space, and multi-courses/trajectories cooperative planning. The next research

directions were proposed based on the major technologies of the planning framework.
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