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Aircraft Target Recognition Based on Recurrent Neural Network

Xiao Huaitie Zhuang Zhaowen Guo Guirong
(Department of Electronic T echnology, NU DT, Changsha, 410073)

Abstract In this paper, an aircraft target automatic classifier based on real time re—
current neural network algorithm is proposed under the wide band fully polarized high
range resolution radar. T his new neural network classifier is applied to the classification
of five types of aircraft targets. The result demonstrates the feasibility of using recur—
rent neural networks for aircraft target recognition.
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25dB, 15dB, 10dB

F Y J H w
SNR(dB) | 25 15 10 25 15 10 25 15 10 25 15 10 25 15 10
F| 772 736 660 28 39 65 56 81 104 28 42 67 36 53 68
Y| 28 33 59 752 684 612 35 64 89 65 82 106 27 44 85
J| 49 56 78 34 48 67 735 649 552 37 55 68 41 57 90
H| 38 51 74 61 85 90 38 55 83 740 666 588 48 66 98
Wl 25 36 41 37 56 78 47 68 84 42 67 8 760 692 571
(%) 84.6 80.7 72.4(82.5 75.0 67.1]80.6 71.2 60.5|81.1 73.0 645|833 75.9 62.6
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F Y J H w
SNR(dB) | 25 15 10 25 15 10 25 15 10 25 15 10 25 15 10
F| 220 211 191 2 2 5 5 8 19 1 13 20 4 7 5
Y 1 4 10 215 200 178 3 9 20 6 11 16 5 9 15
J| 4 7 14 4 8 14 210 190 161 3 1 5 2 7 16
H| 2 4 9 6 15 22 2 6 10 213 175 168 0 4 11
w 1 2 4 1 3 9 8 15 18 5 28 19 217 201 181
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