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Research on NN-Based Remote Sensing Image Classification and
Smoothing Integrated Technique

Li Qiang Wang Zhengzhi
(Depart. of Automatic control, NUDT, Changsha, 410073)
Abstract Summing up four ways to enhance the remote sensing computer classification precision, we put forward
a remote sensing classification and smoot hing integrated technique based on 3-D Hopfield network theory. The experi-
ment results show that this method can improve the precision of classification saliently.
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Fig. 3 Results of Classification and Smoothing Based on NN
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Table 1 The table ofclassification precision Table 2 T he value ofneighborhood factor
0. 03 |0 07 |0. 11 |0. 15
77. 66% |76. 70% |85. 12% |78. 80% | 78. 04% 0. 0710 19 | 0. 23 | 0. 27
NN 90. 31% |90. 88% |93. 95% |87. 69% | 86. 52% 0. 11 | 0 23 |0. 31 |0. 35
NN+ SA 91. 67% | 90. 9% |[93. 74% |89. 10% | 87. 64% 0. 15| 0 27 | 0. 35 S
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