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A Time-domain Method of Control-oriented Modeling

Wang Sufeng Wang Zhengzhi
(Department of Automatic Control, NU DT, Changsha, 410073)

Abstract This paper develops control-oriented model’s modeling, and brings forward a practical computimg met
hod. This identificationmethod is characterized by timedomain. Moreover, it uses the genetic algorithmto realize
modeling. The simulating result shows that the true model lies in the identified m odel set and this identification method
has a good robust.
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