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Bayesian Analysis of the Mixture of Exponential Distributions

Li Rong
(Department of Automatic Control, NU DT, Changsha, 410073)

Abstract In this paper, the exact Bayesian estimators of mean life and reliability function for the mixture of two
exponential failure distrbutions are achieced, based on the censored test data from this model. The approximate low
confidence limit estimate of reliability function is obtained by using maximum entropy method.
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