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New method for survive particle sampling of particle PHD filter

LUO Shaohua' , XU Hui', AN Wei' , XU Dan' , ZHANG Zhiheng’
(1. College of Electronic Science and Engineering, National University of Defense Technology, Changsha 410073, China;
2. Unit 93046, Shenyang 110000, China)

Abstract; For the problem of survive particle importance sampling in multitarget tracking Probability Hypothesis Density particle filter, a new
algorithm of survive particle importance sampling is presented. For every particle, the algorithm exploits likelihood between latest measurements,
and the particle chooses one measurement of the set of measurement to obtain importance distribution by update particle, and draws samples of
survive particle from the importance distribution. The presented algorithm reduced degeneration of particle efficiently. In simulation scenario of 3
targets tracking, the optimal sub-pattern assignment metric of particle probability hypothesis density filter, which adopted the presented survive

particle importance sample method, decreases about 70Km when targets model used in target tracking method is different from actual targets model.

The proposed method enhances the robustness of multitarget tracking of particle probability hypothesis density filter remarkably.
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