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On-line news event detection based on TF - IEF model

ZHANG Hui, LI Guohui, JIA Li, SUN Boliang
(College of Information System and Management, National University of Defense Technology, Changsha 410073, China)

Abstract; According to the characters of web news stream, an on-line news event detection ( ONED) method, based on the two-stage

clustering, is proposed to solve the problem of repeated matching. A novel incremental event model was established by calculating terms weighting

of events directly. Two stages are involved in our method. In the first stage, the similar reports collected in a certain period were clustered into

micro-clusters. In the second, the micro-clusters were matched with existed events, and then this method updated the event model. Experiment

shows that the proposed method improves the efficiency and accuracy of ONED with lower complexity and less feature information loss.
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Fig. 1  Flow chart of two-stage detection
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Tab.2 Efficiency comparison
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