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Programming model and resource management of
distributed stream architecture
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Abstract; While providing big data computing services using Internet resources, there remains a big challenge to researchers, including
heterogeneity of Internet resources, dynamics of Internet resources and long latency of Internet communication. Current influent distributed
computing models still have some shortage. A novel distributed stream computing model was proposed based on the traditional stream computing
model , including the distributed stream programming model and resource management can efficiently support multiple parallel execution modes. The
prototype system implemented on the 10 CPU-GPU heterogeneous nodes. Seven different benchmarks used in the simulation experiment. The

experimental result shows that the distributed stream architecture can achieve the speedup of at least on average over the local serial computing, with

significant potential for applications.

Key words: stream architecture; big data; programming model; distributed computing
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