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Uniform circular array decoherence algorithm based on

principal eigenvector analysis

NI Liuliv, CHEN Hui, NI Mengyu, WANG Xiaoge
(Air Force Early Warning Academy, Wuhan 430019, China)

Abstract; To solve the problem of coherent signals DOA ( direction-of-arrival ) based on the uniform circular array, a new VLPEA ( virtual

uniform linear array principal eigenvector analysis) algorithm was proposed. The uniform circular array was transformed into the virtual uniform

linear array in space model by mode excitation, and the principal eigenvector matrix was obtained by data covariance matrix; the weighted least

square method was introduced to get the linear prediction coefficient between each element in subspace matrix and to acquire estimation of DOA of

coherent signals. Theoretical analysis and simulation results show that the proposed algorithm has good estimation accuracy, high resolution and low

complexity.
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