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Similarity drifting problem in cross-modal retrieval

ZHENG Qibin'?* , DIAO Xingchun®*, WANG Yanzhen®* , CAO Jianjun® , LIU Yi** | QIN Wei’**
(1. Command and Control Engineering College, Army Engineering University, Nanjing 210007, China;
2. Academy of Military Sciences, Beijing 100089, China; 3. National Innovation Institute of Defense Technology,
Academy of Military Sciences, Beijing 100071, China; 4. Tianjin Artificial Intelligence Innovation Center, Tianjin 300450, China;
5. The Sixty-third Research Institute, National University of Defense Technology, Nanjing 210007, China)

Abstract; In order to reduce the impact of the “similarity drift” problem, a matching strategy based on “neighborhood propagation” was

proposed , which maps the intra-modal neighbours of the query items onto the target space, and takes their nearest neighbours in the target space as

cross-modal neighbours of the query term. Experiments on real data sets prove that the similarity drifting problem exists widely, and the proposed

matching strategy can effectively reduce its impact and improve the accuracy of matching.
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Fig. 1 Ilustration of similarity drifting
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Fig.2 Illustration of neighbor-propagation matching
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