Fa4 kS
2022 4E 10 f

/IS B A NI S
JOURNAL OF NATIONAL UNIVERSITY OF DEFENSE TECHNOLOGY

Vol. 44 No.5
Oct. 2022

doi:10. 11887/j. cn. 202205023

http://journal. nudt. edu. cn

HEEANRMEANBAESEBEESRRAE

X4,

B, FREL RN, KA AR

(EFHZR BHARGHALKE, LT 100071)

B B AREARF S RGN SR L RS RERE . B RIS GETT R RE U R S
S B A BRYERE L A IR S B RIS AR, SEBLC SR T BRI AR AT BT S B, AR
FIRFE RIS o FERIHLAS A AR ZS P RAE 55 5 5 i) 1 AT 55 DRI AR, e M A ) WL 2 S A% 55 D3R5 16 1Y)
R, TSR ARSI B 3T 55 DRSR A D SRR AR R R b 2 O 26 A TR 3 B 3 B, TR R A R ) I A 3 24 7
80%~90% , HIJRA RAFHIRGENE . XU, HLas N A5 R 1 34T 55 DR SR IR AT LA i DRSO o 2 o 245 45

BLARE 2T T ARARE S i A Sige phe , AT Ay v 1) JE A A 5 AT 55 L R AHEBOR S8
KRR WL N A 2SR DR s 2 0 255 5 Bl N BRI 5 11 55 D3R
FFAREE (RIRARSS) #RIRES (OSID)

HESES:TP24 NEIREH:A
X EHES 1001 —2486(2022)05 -209 - 11

Autonomous task decision-making method of robot ecosystem for

unmanned scenes

LIU Hongwei, XU Lei, LI Taibo, CHEN Xiaogian, ZHANG Yulin

( National Innovation Institute of Defense Technology, Academy of Military Sciences, Beijing 100071, China)

Abstract; Based on the typical characteristics of natural ecosystems, the concept of robot ecosystem was proposed. Through the intelligent

coordination and complex evolution of cluster robots, life features such as self-sustaining, self-replication and self-evolution emerged, enabling them

to achieve long-term survival, reproduction and evolution under unmanned conditions, and perform specific tasks. According to the requirements of

autonomous task decision-making in typical task scenarios of robot ecosystem, the characteristics of different machine learning task decision-making

methods were analyzed, and the decision tree model and neural network model of autonomous task decision-making in robot ecosystem were

established. The analysis shows that the accuracy of the two models is 80% ~ 90% , and both have good stability. The results show that the

autonomous task decision-making problem of robot ecosystem can be well solved by machine learning methods such as decision tree and neural

network , so as to provide technical support for task application in unmanned scenes.
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Fig. 1 Program block diagram for task execution
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Fig.2 Schematic diagram of decision tree model
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Fig.3 Schematic diagram of neural network model
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