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Abstract; To make full use of maintainability multi-source prior data and improve the fusion accuracy of prior distributions to ensure the
accuracy of maintainability verification results, a prior distribution determination method for maintainability multi-source conflict evidence data
fusion was proposed to solve the problem of conflicts in multi-source data. Fully mining and extracting the feature information of multi-source data,
constructing evidence mass function based on sample size, distribution characteristics and data importance respectively, comprehensively
considering the correlation between evidence and the uncertainty of evidence itself, introducing angle cosine to measure the degree of conflict
between evidence. By combining the support degree and uncertainty of the evidence, the multi-source conflict evidence data fusion model was
established to achieve the effective fusion of multi-source data and determine the comprehensive prior distribution. Combined with the analysis of
two cases, the proposed method is proved to be effective and feasible.
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Fig.2 Completely conflicting paradox
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Tab.3 BPA values of evidence

Z I E, E, E;
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A, 0.272 7 0.423 8 0.237 8
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Tab.4  Fusion weight of multi-source data

} Z IR

i n n n
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Murphy '’ 0.662 3 0.3115 0.026 2
Chen 2118 0.697 8 0.284 0 0.018 1
Rl 0,358 1 0.427 0 0.2150
Xiao " 0.673 1 0.299 0 0.027 8
Deng 2% 0.688 7 0.291 3 0.020 0
DS 0.718 7 0.196 0 0.085 3
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Fig.7 Fusion weight of multi-source data
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Tab.5 Absolute value of mean difference

oA P 5, (0) BIHZE A XTE
i (6) 3.607 7 0.020 2
7, (6) 3.551 1 0.036 4
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